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Visualizations are widely used in the communication
of climate projections. However, their effectiveness
has rarely been assessed among their target audience.
Given recent calls to increase the usability of
climate information through the tailoring of climate
projections, it is imperative to assess the effectiveness
of different visualizations. This paper explores the
complexities of tailoring through an online survey
conducted with 162 local adaptation practitioners
in Germany and the UK. The survey examined
respondents’ assessed and perceived comprehension
(PC) of visual representations of climate projections as
well as preferences for using different visualizations in
communicating and planning for a changing climate.
Comprehension and use are tested using four different
graph formats, which are split into two pairs. Within
each pair the information content is the same but
is visualized differently. We show that even within
a fairly homogeneous user group, such as local
adaptation practitioners, there are clear differences
in respondents’ comprehension of and preference
for visualizations. We do not find a consistent
association between assessed comprehension and PC
or use within the two pairs of visualizations that
we analysed. There is, however, a clear link between
PC and use of graph format. This suggests that
respondents use what they think they understand
2015 The Authors. Published by the Royal Society under the terms of the
Creative Commons Attribution License http://creativecommons.org/licenses/
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the best, rather than what they actually understand the best. These findings highlight
that audience-specific targeted communication may be more complex and challenging than
previously recognized.
1. Introduction
Adaptation to climate change is inevitable [1]. Climate projections—‘simulated response[s] of
the climate system to a scenario of future emission or concentration of greenhouse gases and
aerosols’ [2]—are often used in scientific analysis and risk assessments to help decision-makers
understand the risks posed by climate change and plan accordingly. This preparation for climate
risks can also be described as planned adaptation to climate change, which is considered to be
‘the result of a deliberate policy decision, based on an awareness that conditions have changed or
are about to change’ [3]. If maladaptation is to be avoided and decision-making made effective,
then climate projections and information need to be usable by those people in the private and
public sphere who have to practically prepare and plan for the impacts of a changing climate,
namely adaptation practitioners. Borrowing from Lehmann et al. [4], we define adaptation
practitioners as ‘decision-makers in the field of planned climate adaptation’. Specifically,
in our research, we study adaptation practitioners within local government in Germany
and the UK.
Climate projections are often communicated visually; the change of temperature over time for
example is most often displayed in the form of a line graph, whereas bar charts are usually used
to show precipitation amounts. With graphic representation of climate data being a key means
of communicating these data, it is important to examine the usability of visualizations closely.
Some research has already been conducted on the role of climate visualizations in the fields
of climate change [5], impacts [6], modelling and projections [7], and adaptation and decision-
making [8,9]. Moreover, lessons can also be learnt from research on visualization of risk and other
information in the health and cognitive sciences [10–12], environmental hazards and geosciences
[13–15], risk [16,17], design [18], computing [19,20] and hydrology [21,22]. Nevertheless, the lack
of empirical work on visual communication is acknowledged and more research on visualization
of uncertainty has been called for [13,14,23].
The existing literature suggests that visualizations and communication ought to support
user needs [14] and be tailored to the target audience [23,24]. Tailoring has been suggested
as one way to bridge the usability gap, i.e. the gap between the information produced by
users and the information considered as usable by users [25]. Usability is understood as the
combined ‘perception of usefulness and the actual capacity (. . .) to use different kinds of
information’ [26]. The concept of tailoring of visualizations thus speaks to the understanding that
different audiences have different perceptions, capacities and characteristics, which will impact
their interpretation of a visualization [24]. Tailoring, therefore, aims to better understand these
audience-specific aspects and customize or individualize visualizations accordingly to increase
their effectiveness [27]. As to climate information, aspects that might be tailored specifically to
audience needs could include, but are not limited to, the content of the visualization (e.g. showing
mean temperature rise or showing maximum temperature rise), hue and saturation of colour [7],
the inclusion of relevant past experiences for comparison (such as the mean temperature of the
2003 summer when talking about temperature projections) [28] or the type of graph format (such
as using a thermometer to show temperature rise, rather than a line graph) [29].
For the effectiveness of visualizations to be increased, Stephens et al. [30] in their review of the
communication of climate model ensembles, found that it is important to consider the balance
between richness (the amount of data represented), robustness (the representation of scientific
confidence and consensus) and saliency (the relevance of the information to user needs) in a
visualization. It has been put forward that the more detailed assessment of such user needs, also
termed as ‘strategic listening’, can be achieved with help from the decision-sciences [31].
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Ultimately, a more scientific approach to the communication of science is called for [31],
which necessitates more and better evaluated case study research, particularly focusing on
both the preferences and the understanding of visualizations [23]. At the same time, it
has been highlighted that, while understanding user preference is important, there is a
need to ensure that choice of visualization based on preference alone does not lead to
misunderstanding [21], but enables the user to make ‘better informed’ decisions. Consequently,
Pappenberger et al. [21] call for more research on how varying both the information content
and different graph formats impacts on user comprehension. Assessing user comprehension
and preferences is a complex undertaking because of discrepancies between subjective and
objective knowledge of an issue [32], both being influenced by a variety of different cognitive
and attitudinal measures [32,33]. Being aware of the distinction between the different types
of knowledge or comprehension may thus help to get a better understanding of the potential
inconsistencies between preferences and comprehension, found in previous studies [10–12].
Consequently, an increased understanding of both user preferences and comprehension will
support better tailoring of climate information, which ultimately will make this information more
usable [25,34].
Considering these complexities, is it really feasible to produce tailored visual climate
information in practice? This paper examines this question by conducting an empirical
experiment with local adaptation practitioners in Germany and the UK on the usability of
visualizations of climate projections. Local adaptation practitioners are an under-researched
group of users of climate information [35,36], despite being recognized as playing an important
role in addressing the challenges posed by climate change [37,38]. We explored local adaptation
practitioners’ understanding of and preferences for different visualizations of climate projections.
Our aim is not to find one ‘ideal’ visualization, but rather to highlight the complexities involved
in tailoring and improving the usability of climate information.
2. Methodology
An online survey was developed to explore how local adaptation practitioners in Germany
and the UK interpret visual representations (hereafter referred to as graph formats) of climate
projections. The survey design, despite asking hypothetical questions, allowed us to collect
empirical data that will nevertheless be reflective of decision and communication scenarios for
adaptation practitioners. Both countries are considered to be among the leaders of climate change
adaptation in Europe [39,40], but exhibit differences in terms of the extent to which adaptation has
become a discrete policy field [41] and in terms of how scientific uncertainty is communicated in
national adaptation strategies [42]. Owing to the context-specific nature of climate information for
decision-making, tailoring and usability will have to be examined at a more local scale. Keeping in
mind the national differences between the two countries, we explore differences and similarities
in the comprehension of and preference for information provision at the local level that can help
to inform the tailoring of climate information and its visualizations.
The aim of the survey was to better understand both participants’ comprehension of and
their preferences for different graph formats in planning, decision-making and communicating
adaptation in their organizations. We purposefully sampled employees in local government who
work on environmental policy, climate change, sustainability or adaptation. Participants were
recruited through direct email, advertisements in newsletters and Web portals, and through
networks of relevant organizations such as the UK Climate Impacts Programme, the Local
Government Association Climate Local Online Forum and the Klimaplattform. All participants
completed the same questions and were not randomized. The survey was administered in
German and English, and was translated by the lead researcher, to ensure consistency of the
questions. Responses were collected from March to July 2013 in the UK (n= 99) and from October
2013 to February 2014 in Germany (n= 63). Individuals entering the survey were not offered any
incentives or monetary rewards in return for their participation.
 on November 13, 2015http://rsta.royalsocietypublishing.org/Downloaded from 
4rsta.royalsocietypublishing.org
Phil.Trans.R.Soc.A373:20140457
.........................................................
(a) Development of different visualizations (graph formats)
Four graph formats were developed to visualize the output of 14 General Circulation Models
(GCMs) from the fifth phase of the Climate Model Intercomparison Project (CMIP5). The graph
formats used in the two countries were based on output values for the grid cell around Newcastle,
UK, in order to expose the participants from both countries to the same climate information. The
choice of the grid cell is irrelevant for the experiment, as the purpose was only to extract data
from the climate models for a given location. Of the four graph formats used (figure 1), two
can be considered ‘traditional’ (linear scatter plot and histogram) and the other two ‘alternative’
(pictograph and bubble plot). We split these graph formats into two pairs, each containing one
traditional and one alternative graph format showing the same information content within each
pair, but with information content between pairs being different. Both pairs, however, used the
same underlying data.
— Pair 1: The scatter plot and the pictograph show the change in mean summer temperature
for the 2050s (2040–2069) under the Representative Concentration Pathway 6.0 [43],
a medium greenhouse gas concentration trajectory, relative to a historical baseline
period (1975–2004). The plots thus show 30 year seasonal mean changes for each of
the 14 GCMs.
— Pair 2: The histogram and the bubble plot show the frequency for ranges of change in
summer temperature for the 2050s (2040–2069) under the Representative Concentration
Pathway 6.0 [43], a medium greenhouse gas concentration trajectory, relative to a
historical baseline period (1975–2004). The plots are based on annual summer changes
for each of the 30 years for each of the 14 GCMs.
(b) Experimental procedure
To begin with, the survey participants were given a brief introduction to the survey and the
aims of the research project, including information on confidentiality and informed consent. The
climate data visualized in the survey were briefly explained and, although exactly the same data
and graph formats were shown in both surveys, the English survey stated that the values were for
a location in northeast England, whereas the German participants were informed that it was for a
location in northeast Germany. This was done to ensure that the participants from both countries
felt that the data shown would be relevant to their national contexts.
(c) Criterion assessment
The aim of this analysis was to assess four key criteria within the two pairs: assessed and
perceived comprehension (PC); use by self and use for showing to others, further explained below.
(i) Assessed and perceived comprehension
Respondents were shown the four graphs in the following order: (i) scatter plot, (ii) histogram,
(iii) pictograph, and (iv) bubble plot. Respondents were not informed that the information content
shown within pairs was the same and we deliberately showed the figures in this order so that
respondents would alternate between pairs and the different information content and questions,
so that practice effects could be kept to a minimum. Respondents were asked to answer the
following multiple choice questions about the graph formats.
Pair 1: scatter plot and pictograph.
— How many models project a decrease in summer temperature?
— How many models project an increase in summer temperature by more than 3.0◦C?
— None of the models project a temperature change above which temperature value
(to the nearest half of a degree)?
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Figure 1. The four graph formats that were used in the survey. Each one of them also contained a figure caption explaining the
data and the concept of the figure. (Full-sized figures can be found in the electronic supplementary material.)
Pair 2: histogram and bubble plot.
— Which is the most likely temperature change projected by the models?
— What is the range of projected temperature change in the figure?
— Which value is more likely, −2.5◦C or 5.0◦C?
— Are you more likely to get a temperature change below −2.5◦C or above 5.0◦C?
Every response was coded ‘0’ for incorrect and ‘1’ for correct answers. An assessed
comprehension score (ACS) was created by calculating the mean of the coded answers for each
respondent for each figure. To assess perceived comprehension (PC), respondents were asked
‘Which figure did you find the easiest to understand?’, with the option of choosing any one of the
four formats.
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Table 1. Sample description.
UK sample (n = 99) (%) German sample (n = 63) (%)
gender
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
female 40.4 42.9
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
male 59.6 57.1
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
age groups
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
20–29 years 13.1 3.2
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
30–39 years 36.4 22.2
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
40–49 years 30.3 27.0
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
50–59 years 16.2 39.7
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
60 and over 4.0 7.9
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
education
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
degree or higher academic qualification 92.9 100
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no degree or higher academic qualification 7.1
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
work experience in a related job
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
0–5 years 17.2 15.9
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
6–10 years 32.3 17.5
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
11–15 years 20.2 14.3
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
16–20 years 9.1 3.2
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
21–25 years 7.1 25.4
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
26–30 years 5.1 15.9
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
31–35 years 4.0 4.8
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
36–40 years 5.1 3.2
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
colour blind 2 0
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
(ii) Use by self and use for showing to others
Local adaptation practitioners not only consume climate information for their own use and
planning, but also communicate it further to colleagues, managers or elected representatives.
Therefore, we assessed the preferences for the use of graph formats that is both inward-facing
(use by self) and outward-facing (use for showing to others). Use by self relates to individual
decision-making. Preferences and perceived usability of graph formats for use by self were
assessed by asking ‘If you had to make a planning decision, which of these figures would you find
most helpful for your decision-making process?’ Respondents could choose one of the four graph
formats or ‘Depends on the decision’ or ‘None of the above’. Preferences for use for showing to
others were assessed by the question ‘If you had to persuade someone in your organization (e.g.
your colleagues or your boss) of the necessity to start planning for changes in future summer
temperatures, which one of these figures would you choose?’ Respondents could choose one of
the four graph formats or ‘I wouldn’t use a figure at all’. Perceived comprehension, use by self and
use for showing to others were recoded into a binary variable (1 = selected, 0 = not selected) for
each of the four graph types. These binary variables were subsequently used in the Spearman’s
rank order correlation tests described in §3b. The survey also collected qualitative data, as
respondents had the opportunity to leave further explanations of their choices in comments boxes
for the questions on perceived comprehension, use by self and use for showing to others.
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(d) Other sample characteristics and sample description
Table 1 gives an overview of the other sample characteristics for the two samples. The UK sample
is somewhat younger than the German sample and thus has a higher percentage of respondents
with fewer years of relevant work experience, but in the main the two samples are comparable.
Three measures around self-assessed knowledge and experience were included: (i) level of
engagement with climate projections (‘How much do you engage with climate projections in
your day-to-day job?), (ii) involvement in adaptation in work within the organization (‘Have
you been actively involved in the climate change adaptation process in your organization?’), and
(iii) climate change knowledge (‘How good is your knowledge of the topic of climate change?’).
These three measures were assessed on a 6-point Likert scale with 1 being the ‘least favourable’
and 6 being the ‘most favourable’ option. As the survey also collected data using the subjective
numeracy scale developed by Fagerlin et al. [44], which measures individual scale items on a 6-
point Likert scale, it was decided to use the same scale for all of the measures in the survey to
ensure consistency.
We did not find any systematic effects of socio-demographics, self-assessed knowledge and
experience or subjective numeracy on comprehension or use that were consistent across both
country samples. Further details on these results can be found in the electronic supplementary
material, S3.
3. Results
Following the production of descriptive statistics for the four key criteria and the other sample
characteristics, it was decided to use non-parametric statistical analysis as the ACSs for the graph
formats were not normally distributed [45].
(a) Outcome description
We hypothesised at the outset that the four key criteria would be associated with each
other. Figure 2 illustrates these hypothesized associations between assessed (A) and perceived
comprehension (B) and use by self (C) and use for showing to others (D). In the following sections,
we assess each criterion separately, followed by the relationships between them.
(i) Assessed comprehension (A)
Table 2 summarizes the mean ACS and standard deviation for each graph format in the two
countries, as well as comparisons of the two samples. While the UK respondents achieved
statistically significantly higher ACSs on the scatter plot, histogram and bubble plot than German
respondents, they achieve a significantly lower ACS on the pictograph. Such a marked difference
between assessed comprehension of the two samples for each of the four graph formats is
interesting to note, especially given the similarity of the two country samples highlighted in
table 1.
Examining the ACSs within each pair of visualizations in more detail using the Wilcoxon
signed-rank test, we note a statistically significant drop of the ACS in pair 1 by 0.39 from the
scatter plot to the pictograph in the UK sample (z= −7.36, p< 0.0001, r= 0.52). This is 0.31 more
than in the German sample, where the ACSs on both the scatter plot and the pictograph do not
differ significantly. In the second pair, the ACSs on both the histogram and the bubble plot do not
differ significantly in either sample. We thus note that, within both pairs in the German sample,
graph format did not affect assessed comprehension. Interestingly for the UK sample, this only
holds true for pair 2 but not for pair 1, where the pictograph’s low ACS is noteworthy. This
could be explained by ‘bad design’ affecting respondents’ ACS. In a study by Daron et al. [46],
it was found that a similar graph format to the pictograph using the exceedance of thresholds
was also the least preferred by respondents. However, this may only be a partial explanation, as
we do not observe the same significant difference across both country samples. It may thus be that
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Figure 2. The four key criteria are denoted by capital letters: assessed comprehension (A); perceived comprehension (B); use
for planning decisions—use by self (C); and use for persuading to plan—use for showing to others (D). The associations are
represented with the numbered arrows (1–6).
Table 2. ACSs for all graph formats. For themean ACS higher values reflect better comprehension of the graph format; ACS was
compared between countries with theMann–Whitney U test, with entries in the three columns headed U, z and r providing the
detailed test statistics.
ACS compared across
UK Germany both countries
mean s.d. median mean s.d. median U z r
pair 1
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
scatter plot 0.88 0.17 1 0.70 0.23 0.67 ∗∗∗1761 −5.23 0.41
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
pictograph 0.49 0.29 0.33 0.62 0.32 0.67 ∗∗2391 −2.63 0.21
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
pair 2
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
histogram 0.90 0.16 1 0.79 0.24 0.75 ∗∗2298 −3.21 0.25
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
bubble plot 0.88 0.15 1 0.80 0.22 0.75 ∗2494.5 −2.39 0.19
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
∗p < 0.05, ∗∗p < 0.01 and ∗∗∗p < 0.001.
respondents in the UK might have been less willing to engage with something new or different,
and therefore may have spent less time on trying to understand the graph format resulting in
a lower ACS. The findings suggest that showing respondents different graph formats might not
make much of a difference, unless the graph formats widely differ from what respondents are
used to. In that case, assessed comprehension seems to be lower.
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(ii) Perceived comprehension (B), use by self (C) and use for showing to others (D)
When examining the relationship between the original uncoded variables with the χ2-test
for independence, we do not find any statistically significant difference between the UK and
German respondents in PC (χ2(3,n= 162) = 4.08, p= 0.25, Cramer’s V = 0.16), use by self (χ2 (5,
n= 162) = 8.59, p= 0.13, Cramer’s V = 0.23) or use for showing to others (χ2(4,n= 162) = 2.51,
p= 0.64, Cramer’s V = 0.13). Respondents’ dichotomized choices of graph formats (selected or
not selected) for all three variables have been summarized in the first data column in table 3.
The qualitative explanations given by the respondents suggest that the three key reasons for
the popularity of the histogram, in order of popularity, are: familiarity with the graph format,
perceived clarity of display (also found to be important in Daron et al. [46]) and perceived ease
of readability of frequencies. Some of this preference for the histogram may also be explained by
the ‘frequency format hypothesis’, which stipulates that humans have evolved to find frequency
distributions naturally easier to interpret [47]. However, not only has the explanatory power of
this hypothesis been recently questioned [48], but we would also like to highlight that it may be
that respondents simply perceived the other graph formats as less effective than the histogram
due to their design. For use for showing to others the bubble plot is the second most popular
format. Its higher ranking for use for showing to others compared with use by self could be
explained by the view of local adaptation practitioners that they have to do some persuading
and convincing to increase buy-in for adaptation actions. Qualitative survey responses suggest
that the bubble plot is considered to be more visually persuasive and a good ‘initial hook’
for discussions.
(b) Differences in assessed comprehension across perceived comprehension
and use (1, 2 and 3)
Having provided a brief overview of the four criteria, the following analysis will focus on the
extent of association between these criteria. We conducted Spearman’s rank order correlation
tests to examine the strength of the association between the ACS on each of the graph formats
and respondents’ preferences to select or not select the respective graph format for perceived
comprehension (1), use by self (2) or use for showing to others (3). The results of the tests are
summarized in table 3.
We note that there is no consistent association between ACS and the other criteria for the graph
formats within either pair. Only one of the associations of the 23 tested is statistically significant
(p= 0.04), but, as this association has been observed in isolation, it should be treated with caution
due to the potential risk of a type I error in this case. The fact that we did not find consistent
associations is interesting, given our initial hypothesis that the ACS would be associated with the
other criteria. If respondents were better judges of their actual understanding of a graph format,
we would have expected this to be at least reflected in higher correlation coefficients and more
significant associations for the relationship between assessed and perceived comprehension. It is
possible that other factors influence the association between assessed comprehension and use,
such as the type of planning decision at hand or the prior knowledge and experience of the
respective colleague(s) in question for use for showing to others. These factors may guide choice
more than just assessed comprehension, but are more difficult to capture due to varying decision
and communication contexts. We will return to this question in more detail in the discussion.
(c) Relationship between perceived comprehension, use by self and use for showing
to others (4, 5 and 6)
Our investigation into the relationship between PC, use by self and use for showing to others
found a consistently strong link between each of them in both the UK and the German samples;
see table 4 for details.
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Table 3. Correlations of ACS for each graph type across PC, use by self and use for showing to others. The percentage of
respondents choosing the respective graph type for each of the criteria (PC, use by self and use for showing to others) is given
in the first data column. The strength of the relationship between whether the respondents selected (‘yes’) or did not select
(‘no’) the respective figure is then expressed through the Spearman correlation coefficient rho. S, scatter plot; P, pictograph; H,
histogram; B, bubble plot; N/A, cannot be computed as the pictograph was not chosen by any respondent for use by self.
UK Germany
pair 1 pair 2 pair 1 pair 2
choice S P H B choice S P H B
PC—ACS
PC (1) pair 1 S yes 21.2 0.11 34.9 −0.07
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 78.8 65.1
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
P yes 6.1 0.17 3.2 −0.03
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 93.9 96.8
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
pair 2 H yes 54.5a 0.09 47.6a −0.07
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 45.5 52.4
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
B yes 18.2 0.02 14.3 0.11
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 81.8 85.7
use by self—ACS
use by self (2) pair 1 S yes 13.1 −0.10 17.5 0.05
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 86.9 82.5
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
P yes 5.1 0.19 0 N/A
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 94.9 100
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
pair 2 H yes 52.5a 0.10 42.9a −0.26∗
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 47.5 57.1
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
B yes 3 −0.08 11.1 0.02
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 97 88.9
use for showing to others—use by self
use for showing to
others (3)
pair 1 S yes 9.1 −0.07 11.1 −0.13
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 90.9 88.9
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
P yes 2 0.11 3.2 −0.09
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 98 96.8
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
pair 2 H yes 48.5a 0.16 52.4a −0.02
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 51.5 47.6
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
B yes 24.2 0.15 25.4 0.10
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
no 75.8 74.6
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
aMost preferred graph format.
∗p < 0.05.
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Table 4. Relationship between PC, use by self and use for showing to others. Entries are the Pearson’sχ 2-values.
χ 2
PC—use by self
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
UK 94.31***
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
Germany 46.74***
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
PC—use for showing to others
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
UK 51.73***
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
Germany 37.37***
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
use by self—use for showing to others
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
UK 68.89***
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
Germany 39.65**
. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . .
**p < 0.01 and ***p < 0.001.
Furthermore, we note that, in the German sample, for the scatter plot, the histogram and the
bubble plot the majority of the respective respondents picked the same figures both as easiest
to understand (PC) and as appropriate for use by self. In the UK sample, we observed the same
for the histogram and the pictograph; however, the majority of those who picked the scatter plot
as easiest to understand (PC) would still pick the histogram for planning (use by self). In both
samples, we found that the majority of respondents who picked the histogram or the bubble
plot as the easiest to understand (PC) also picked it as the most persuasive when showing it
to someone else. On the other hand, many of those who chose the scatter plot as the easiest to
understand (PC) still picked the histogram for persuasion (use for showing to others). Lastly, we
found that respondents’ choice of graph formats for use by self and use for showing to others
was consistent. For this we see the strongest link for the histogram and the bubble plot in both
samples.
What these results point towards is that, while perceived comprehension and use are strongly
associated and respondents’ preferences are thus consistent, the lack of association of the
three preference measures with assessed comprehension across both pairs appears to separate
respondents’ subjective preferences from actual comprehension. This seems to indicate that
respondents tend to use what they think they understand best, rather than what they actually
understand best.
4. Discussion
The aim of this paper was to explore empirically the differences and similarities in the
comprehension of and preference for different forms of visualization among adaptation
practitioners in the UK and Germany. Our findings within both pairs of graph formats suggest
that in both countries there is a disconnect between users’ assessed comprehension and subjective
preference. However, there is a strong link between people’s perceived comprehension and their
preferences for graph formats they use themselves and for communicating with colleagues and
superiors about the necessity to take action on adaptation (figure 3). As we have observed
the same associations and lack thereof across both pairs of graph formats, showing different
information content, these observations seem to suggest that this is likely to be an issue
encountered with visual communication of climate information more widely.
Our findings regarding the gap between comprehension and preference resonate with the
results reported in the health sciences literature. Parrott et al. [11] found that people’s reading of
familiar graph formats is affected by learned heuristics: respondents’ familiarity plays a bigger
role in the process of reading and sense-making of graphs than the actual comprehension of
the information shown. They argue that this could lead to a disconnect not only between the
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perceived
comprehension
use for
persuading to
plan
‘use for
showing to
others’
use for
planning
decisions
‘use by self’
assessed
comprehension
Figure 3. Associations between the four key criteria showing, on the one hand, the disconnect between users’ assessed
comprehension and the other three key criteria, and, on the other hand, the strong relationship between perceived
comprehension and use by self and use for showing to others.
encoded and decoded meaning of the graph but also in respondents stating preferences for
graphs that they do not understand as well as other graphs [11]. Our results also resonate
with findings of a study of physicians’ assessment of visually displayed information, in which
respondents’ preferences for graph formats and displays appeared to be based on familiarity
with the graph formats rather than on their comprehension [12]. Qualitative explanations in our
surveys also suggested this. The disconnect supports Ancker et al.’s [10] argument that, although
it is important to focus on the preferences of information recipients, this may result in poor
quantitative judgements. There is a complex interplay between respondents’ comprehension and
preferences for use of visualizations in practice, and cognitive biases are involved in it. We need
to be aware of them and consider how they could be dealt with or overcome if we are to make
visual communication of climate projections more effective.
We note that the biases in information provision and use are consistent across the two samples.
This is interesting considering the differences in relation to adaptation at the national level
between the two countries [41,42]. This is not to say that local adaptation practitioners are a
homogeneous group and that advice for tailoring is generalizable. On the contrary, the findings
highlight that comprehension and preferences, and thus usability, are specific to the individual
and in many cases likely to be connected to the stage of adaptation planning in a given local
authority or municipality. Respondents highlighted that certain graph formats are better for
initial persuasion needed to ensure buy-in into adaptation, whereas other formats communicate
better the exact figures needed for more specific adaptive measures. The consistent cognitive
biases and the within-group differences demonstrate that the demands for more ‘audience-
specific communication’ may be more complex and challenging than has been recognized to
date. To address these challenges, we make a number of suggestions based on the insights from
our research.
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Firstly, our results ought to be situated within the wider judgement and decision-making
literature. Insights from this research have shown that, although often there are differences
between self-reported and actual knowledge of climate change [32], they affect both people’s
concern and risk perception of the topic [49–51]. Despite ‘knowledge of climate change’ being
a broader construct than comprehension and preference for graph formats, which has been
assessed in this study, we would nevertheless suggest that these systematic deviations of
human judgement affecting the decision-making process pose similar challenges for climate
visualizations. A better understanding of the cognitive factors influencing subjective and
objective knowledge/comprehension may thus help to tailor visualizations more effectively.
Moreover, while the literature has already called for a greater integration of the decision-sciences
into the development of technical information [52] and into the wider question on communicating
climate change [53], we suggest this integration needs to be made explicit also for the issue of
visualizations. Just as much as visual material should not be considered as a simple add-on
to the science communication process [31], use and comprehension of visualizations and their
impact on communication and decision-making deserve more attention from the judgement and
decision-making literature other than just as a subsection of the ‘climate change knowledge’ issue.
Secondly, some audiences are more likely to be susceptible to the change of graph format than
others and thus innovative designs may not work equally well in different contexts. In the UK,
we noted a significant drop in ACS from the scatter plot to the pictograph, which was not seen in
the German sample. Additionally, we even noted a slight (although insignificant) increase in ACS
from the histogram to the bubble plot in the latter sample. The role of familiarity, the willingness
to engage with and the impact of new designs may thus be dependent on the audience. A better
understanding of this may help to decide where best to target innovative visualizations and where
it is better to use ‘tried and tested’ designs.
Lastly, based on the finding that some graph formats are considered to be more persuasive than
others and thus may lend themselves more to certain communication aims, we suggest that more
research should be done on understanding how to match visualizations with communication
aims. Climate visualization, like science communication more widely, would benefit here from a
much more interdisciplinary approach [31,54]. If designs were created collaboratively, based on
more detailed knowledge of the cognitive comprehension and biases of the target audience, more
persuasive and engaging, yet scientifically robust, visualizations could be created. Some of the
concerns of climate scientists arise out of the worry that making something ‘easier to understand’
comes at the cost of scientific rigour [54], and we suggest that this concern can be overcome
through joint design of visualizations.
In all of these suggestions, we see that what the field of information tailoring needs
first and foremost is greater collaboration between different fields of expertise and between
producers and users of information and we should thus consider co-design [55] alongside co-
production. Lemos & Rood’s [56] argument that producers and users of knowledge have different
assumptions as to what is useful and what is actually usable information should be applied also to
the visual aspects of information provision. While research strives to find new and more effective
ways of communication and visualization of information and impacts, we acknowledge that
what is effective cannot necessarily be judged a priori by the information producers [6] without
empirical testing. Even if individual mismatches between comprehension and preferences could
be overcome or addressed, past research highlights that there are further cognitive challenges,
such as confirmation bias, anchoring or belief persistence [57], and institutional complexities, such
as different approaches to risk governance [58], that need to be considered in tailoring efforts.
What is designed as the best fit for comprehension and preferences may not fit with the local
institutional contexts and guidelines.
Throughout all of this, we cannot lose sight of the ulterior motive of climate science
communication to foster action on adaptation and improve adaptive capacity. Strengthening
adaptive capacity will often occur through social and organizational learning [59,60]. Vulturius &
Swartling [60] found that learning and engagement with adaptation improved when information
users could relate communicated scientific knowledge better to their contexts and needs,
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highlighting a need for more tailored information. If co-production and co-design of information
were thus to take place alongside each other, it can be anticipated that learning is further increased
also with an ultimate positive impact on adaptive capacity.
We acknowledge that there are potential limitations to our findings, such as self-selection bias:
our sample may have more respondents with an inherent interest in visualization and under-
represent the less interested. Owing to different computer display sizes and resolutions, some
respondents reported not being able to see the entire visualization without scrolling, which
may have affected their responses. However, self-selection bias is an issue that social science
surveys will always have to be mindful of and seeing the visualizations did not appear to
have been systematically problematic. Therefore, we do not think that these issues significantly
impact our findings. Furthermore, it could also be that those who are less motivated to use
climate projections may be less motivated to use formats that they perceive to be less easy to
use (even if they are better at using them), which could impact on the relationship between
assessed and perceived comprehension. Lastly, our statistical tests may have lower statistical
power than ideally desirable because of the small sample size. Nevertheless, we have uncovered
interesting patterns that are consistent across both samples, increasing our confidence in our
findings. Further experimental data collection with larger samples and in more countries would
allow for more rigorous statistical testing.
5. Conclusion
In the introduction, we highlighted that visualization of information faces the demands for
more audience-specific tailoring, greater evaluation of its effectiveness and more empirical
evidence. Yet, requests for the communication and visualization of climate change adaptation
information to be more effective and understandable [34] and suggestions for the tailoring of
climate information [25] have remained mostly within the theoretical realm. We report empirical
evidence about the complexities involved in the visualization of information and tailoring of
communication in practice. Our results highlight that ideal solutions for tailored communication
of climate data for decision-making on adaptation may not be found and that their search may
be problematic and futile because of a lack of within-group homogeneity and the disconnect
between assessed and perceived comprehension and preferences for the use of graph formats.
This does not mean that further advances in this field are not needed—our results just highlight
that claims regarding effective visualizations need to be tested and verified with more veracity, as
much within groups as between them.
We recognize that visual information provision to decision-makers is only a small part of
the much more extensive process of co-production of knowledge and the facilitation of user–
producer interaction. Yet visual information is a crucial issue if we are to consider the information
provision and knowledge production process holistically. Our paper responded to the request
for more empirical evidence, researching both adaptation practitioners’ comprehension and their
preference for different visual formats for the communication of climate projections. We did
not set out to find an ‘ideal’ visualization, but instead our results demonstrate that we need to
invest more thought into how tailoring can be facilitated at the same time as realizing that, even
though there may be no such thing as a universal solution to the tailoring question, co-design
and increased empirical testing may take us some way towards more rather than most effective
visualizations.
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